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Abstract

Deep learning, as a prominent subfield of artificial intelligence, offers substantial
potential for improving human health. In recent years, this technology has been
widely applied to the analysis, prediction, and optimization of patient treatment
outcomes. In this study, a convolutional neural network (CNN) deep learning
algorithm, along with data preprocessing techniques implemented using the
Python programming language, was employed to predict survival outcomes
(mortality versus survival) in patients with hepatitis C. The primary objective of
this research is to assist physicians in making more accurate and effective clinical
treatment decisions. The results indicate that the proposed approach is capable of
predicting patient outcomes with an accuracy of 98%. This high level of accuracy
clearly demonstrates the effectiveness of deep learning algorithms in analyzing
large-scale medical datasets and producing reliable predictive results.
Accordingly, the use of deep learning algorithms such as convolutional neural
networks can play a critical role in predicting disease outcomes and enabling
personalized treatment strategies for patients. This capability can significantly
contribute to improving public health outcomes by enhancing the precision of
prognosis and facilitating the delivery of more appropriate and targeted medical
interventions.
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